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Abstract  

 

In the context of the new global political, military and strategic challenges, Moldova 
would play an important role. This is why the paper deals with the idea of analyzing the 
chance that Moldova has to accelerate its adhering to the European Union under 
Romanian presidency in 2019. According to the adhering process, the economic criteria 
are essential.  The economic approach in the paper starts with the economic context in EU, 
Romania and Moldova in 2017 and finishes with a forecast on short term, 2019-2020. The 
analysis covers GDP growth rate, inflation rate, unemployment rate and government 
gross debt as percentage of GDP. In order to improve analysis, regression is used to point 
out the economic disparities between the above three economic entities. The main 
conclusion of the paper is that the elements able to support an acceleration of the 
integration process in Moldova are just a few. Only a favorable political decision of the 
EU decision makers will lead to  Moldova’s adhering on short or medium term. The whole 
economic analysis is based on the latest official statistic data and is performed with 
dedicated software. 
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1. European approach in Moldovan foreign policy 

 

It is no doubt that the history, the location, the language, the religion are 
just a few elements which support the European membership of Moldova.  

Moreover, some political initiatives regarding a possible union to 
Romania were conducted under the same approach. Unfortunately, the flower 
bridges were not enough to solve the problem. This is why a coherent political 
approach in Moldova made a priority from the European integration in 2009. It 
was followed by a three-year action plan under the European Neighborhood 
Policy. On the other hand, a legal framework for EU-Moldova cooperation 
(Partnership and Cooperation Agreement) was implemented in 1998 and covered 
1998-2008.  

According to this framework, EU and Moldova could cooperate in specific 
areas such as: political, commercial, economic, legal, cultural, and scientific.74 

The official progress of EU-Moldova cooperation was supported by the 
EU permanent mission which started in 2005. 2014 brought two new important 
achievements for Moldova: a visa-free regime with Schengen Area countries and 
an Association Agreement with the European Union.75  

In the same year, Moldova officially stated its target of adhering to the EU 
in 2019, during the Romanian presidency of the EU. 76  Some political 
representatives from Romania and Moldova put into discussion the possibility of 

                                                           
74 Delegation of the European Union to the Republic of Moldova - European Union External Action. 
2017, Retrieved from https://eeas.europa.eu/delegations/moldova_en  
75 Higgins, Andrew & Herszenhorn, David - Ukraine Signs Trade Agreement with European Union. The 
New York Times, 27th of June 2014. 
76  Moldova wants to join EU in 2019. The Straits Times. 2014-04-29. Retrieved from 
http://www.straitstimes.com/world/europe/moldova-wants-to-join-eu-in-2019  
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accelerating the adhering process by unifying both countries.77 This idea lost its 
viability after a few years.78 

The Republic of Moldova’s adhering process has to face powerful 
challenges related to the separatist region of Transnistria which is supported by 
Russia and the autonomous region of Gagauzia, with Russophile population. The 
latest presidential elections in the Republic of Moldova led to a President who is 
closer to Moscow than to Brussels.  

Nowadays, the political speeches are focused on Moldova’s economic vs 
the classic Russian gas and energy support. This economic challenge would be 
able to support Moldova’s integration into the EU, because 50% of the Moldovan 
trade is with the EU. Moreover, Moldova receives the largest EU aid per capita in 
the European neighborhood.79 

 

2. Economic trends across EU, Romania and Moldova 

 

Romania achieved 9439 USD in 2016, while Moldova had a GDP/capita 
of 1872 USD in the same year80 (see Figure 1). These are the start terminals for the 
economic analysis. According to Figure 1, the lags between the Moldovan, 
Romanian and EU economies are huge (1: 5.05 and 1: 18.74).  

As a result, the only way for the Moldavan economy to get close to EU 
performances is to improve its economic development speed.  

Unfortunately, the latest official statistical data in Moldova stops at 2015. 
This is why the first step of the analysis in the paper covers a short period, namely 
2016-2018. 

                                                           
77 Phinnemore, D. Moldova: a step too far for EU enlargement? 3rd Pan-European Conference on EU 
Politics, Istanbul, Turkey, 21–23 September 2006. 
78  Klussmann, U. Reunification with Romania? EU Dreams in Communist Moldova. Der Spiegel, 4 
February 2009, Retrieved from http://www.spiegel.de/international/europe/reunification-with-
romania-eu-dreams-in-communist-moldova-a-617005.html  
79 European External Action Service - The Republic of Moldova and the EU. 12/05/2016, Retrieved 
from https://eeas.europa.eu/topics/european-neighbourhood-policy-enp/1538/moldova-and-
eu_en  
80  International Monetary Fund - World Economic Outlook. 09 Nov 2016. Retrieved from 
http://statisticstimes.com/economy/countries-by-projected-gdp-capita.php  
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Figure 1: GDP/capita (USD) 

Source: personal contribution 

 

 The analysis takes into discussion the following indicators: GDP growth 
rate, unemployment rate, inflation rate, government gross debt.81 

 The data related to GDP growth rate in Moldova is presented in Figure 2. 

 

Figure 2: GDP growth rate forecasting for Moldova (%) 

Source: personal contribution using IBM-SPSS software 

                                                           
81  Index Mundi - Moldova Unemployment rate. 2017. Retrieved from 
http://www.indexmundi.com/moldova/unemployment_rate.html  
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 Using cumulative data for the EU and Romania82, the GDP’s short period 
trend is presented in Figure 3. 

 

Figure 3: GDP growth rates (%) 

Source: personal contribution  

Even if Moldova achieves GDP growth rates greater than the EU average 
during 2017-2018, they will not be enough to decrease the economic gap between 
the two entities. Moreover, Moldova has to face a negative GDP growth trend 
during this period. 

 The analysis of the unemployment rate leads to better results. For the 
beginning, the data for the unemployment in Moldova during 2016-2018 is 
modeled in Figure 4. 

                                                           
82 European Commission – European Economic Forecast – Autumn. Institutional Paper no. 038, 2016, 
Luxembourg: Publications Office of the European Union, pp. 1, 117. 
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Figure 4: Unemployment growth rate forecasting for Moldova (%) 

Source: personal contribution using IBM-SPSS software 

 The unemployment data in the three economic entities is presented in 
Figure 5. Moldova will achieve the lowest unemployment rates during the whole 
period. 

 

Figure 5: Unemployment rates (%) 

Source: personal contribution  
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 Maybe one of the greatest challenges for the Moldovan economy is the 
level of the inflation rate. During 2012-2015, the inflation rate grew constantly. As 
a result, the rates for 2016-2018 are estimated in Figure 6. 

 

Figure 6: Inflation growth rate forecasting for Moldova (%) 

Source: personal contribution using IBM-SPSS software 

The comparative analysis related to the inflation rate leads to building 
Figure 7. According to it, the inflation rate in 2018 will be lower in Moldova than 
in Romania. 

 

Figure 7: Inflation rates (%) 

Source: personal contribution  
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 Last but not least, the government gross debt is low enough in Moldova 
even if it increased during 2013-2015. The trend on short term is presented in 
Figure 8. 

 

Figure 8: Government gross debt forecasting for Moldova (%) 

Source: personal contribution using IBM-SPSS software 

 According to Figure 8, Moldova has the best situation related to the 
government gross debt compared to the EU and Romania (see Figure 9). 

 

Figure 9: Government gross debt (% of GDP) 

Source: personal contribution  
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In order to point out the real gap between Moldavian economy and the 
other two economic entities (the EU and Romania), the cumulative analysis  
transforms the effects of four economic indicators into synthetic values rendered 
in Table 1. 

 

Table 1: Economic rank/score 

 GDP 
growth 

rate 

Unemployment 
rate 

Inflation 
rate 

Government 
gross debt 

Total 
score 

EU 1 1 2 1 5 

Romania 3 2 3 2 10 

Moldova 2 3 1 3 9 

 According to the total score in Table 1, Moldova is not yet able to decrease 
the economic gap between the EU average development and its own 
development. 

 

3. Short term analysis  

 

According to the official approaches, Moldova aims at obtaining 
maximum support for adhering to the EU during the Romanian presidency in 
2019. The problem is whether Moldova is able to obtain high economic 
performances during such a short period. In order to approach this verification, 
forecasting procedures will be used again for Moldova, the EU and Romania. 

In order to obtain the best possible results, the forecasts are based on long 
term statistical data. The GDP growth rates during 2019-2020 are presented in 
Figure 10. 
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Figure 10: GDP forecasting during 2019-2020 (%) 

Source: personal contribution  

 

 The unemployment rates will not change significantly in 2020 (see Figure 
11). 
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Figure 11: Unemployment rate forecasting during 2019-2020 (%) 

Source: personal contribution  

 

 Finally, the inflation rate will still be high in Moldova for the next two 
years (see Figure 12). 
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Figure 12: Inflation rate forecasting during 2019-2020 (%) 

Source: personal contribution  

 

 According to the above analysis, Moldova will achieve better results 
related to the unemployment rate. Unfortunately, the GDP and inflation rates will 
be higher than in Romania and the EU average. 
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4. Conclusions 

 

In order to point out if Moldova is able to decrease the economic gap on 
short time, a regression analysis becomes useful. The regression puts together 
economic indicators in 2017 and 2020 (see Figure 13). 

 

 

GDP disparities in 2017 (%) 

 

 GDPs disparities in 2020 (%) 

 

Unemployment disparities in 2017 
(%) 

 

Unemployment disparities in 2020 
(%) 
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Inflation disparities in 2017 (%) 

 

Inflation disparities in 2020 (%) 

1. EU; 2. Moldova; 3. Romania 

Figure 13: Economic disparities in 2017 and 2020 
Source: personal contribution 

 According to Figure 13, the disparities related to GDP growth rates in 
Moldova vs the EU and Romania will be greater in 2020 than in 2017. On the other 
hand, Moldova will obtain advantage from its low unemployment rate in 2020. 
Inflation rate doesn’t undergo a decrease in the delay, compared to the EU and 
Romania. 

 The above analysis leads to a single pertinent conclusion: the Moldovan 
economy is not able to accelerate its adhering process under the Romanian 
presidency of the EU in 2019. Moreover, it is not able to decrease the economic 
gap on medium term. 

 The unique hope is that Moldova should benefit from political and 
strategic approaches from EU decision makers in order to adhere faster to the EU. 
But a future positive European decision regarding Moldova’s adhering has to be 
supported by a positive internal political decision in Moldova, as well. 
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PREDICT THRU END. 

* Time Series Modeler. 

TSMODEL 
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Time Series Modeler 

 [DataSet0]  

Model Description 

 Model Type 

Model 
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VAR00001 Model_1 ARIMA(0,0,0) 

Model Summary 

Model Fit 

Fit Statistic Mean SE Percentile 
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Minimu
m 

Maximu
m 

5 10 25 50 75 90 95 

Stationary 
R-squared 

,026 . ,026 ,026 ,026 ,026 ,026 ,026 ,026 ,026 ,026 

R-squared ,026 . ,026 ,026 ,026 ,026 ,026 ,026 ,026 ,026 ,026 

RMSE 4,858 . 4,858 4,858 4,858 4,858 4,858 4,858 4,858 4,858 4,858 

MAPE 161,277 . 161,277 161,277 161,277 
161,27

7 
161,27

7 
161,27

7 
161,277 161,277 

161,27
7 

MaxAPE 696,780 . 696,780 696,780 696,780 
696,78

0 
696,78

0 
696,78

0 
696,780 696,780 

696,78
0 

MAE 3,570 . 3,570 3,570 3,570 3,570 3,570 3,570 3,570 3,570 3,570 

MaxAE 10,226 . 10,226 10,226 10,226 10,226 10,226 10,226 10,226 10,226 10,226 

Normalized 
BIC 

3,597 . 3,597 3,597 3,597 3,597 3,597 3,597 3,597 3,597 3,597 

Model Statistics 

Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 ,026 . 0 . 0 

     2. Moldova’s unemployment rate forecasting 

PREDICT THRU END. 

* Time Series Modeler. 

TSMODEL 

   /MODELSUMMARY  PRINT=[MODELFIT] 
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Time Series Modeler 

 [DataSet0]  
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VAR00001 Model_1 ARIMA(0,0,0) 
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Model Fit 
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Maxi
mum 

Percentile 
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Stationary 
R-squared 
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MaxAPE 55,273 . 
55,27

3 
55,27

3 
55,27

3 
55,27

3 
55,27

3 
55,27

3 
55,27

3 
55,273 

55,27
3 

MAE ,935 . ,935 ,935 ,935 ,935 ,935 ,935 ,935 ,935 ,935 

MaxAE 2,211 . 2,211 2,211 2,211 2,211 2,211 2,211 2,211 2,211 2,211 

Normalize
d BIC 

,837 . ,837 ,837 ,837 ,837 ,837 ,837 ,837 ,837 ,837 

Model Statistics 

Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 ,157 . 0 . 0 

      

3. Moldova’s inflation rate forecasting 

 

PREDICT THRU END. 
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Model Summary 

Model Fit 
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Stationar
y R-
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R-
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MaxAE 8,687 . 8,687 8,687 8,687 8,687 8,687 8,687 8,687 8,687 8,687 

Normaliz
ed BIC 

3,086 . 3,086 3,086 3,086 3,086 3,086 3,086 3,086 3,086 3,086 

 

Model Statistics 

Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 ,278 . 0 . 0 

4. Moldova’s government gross debt forecasting 

PREDICT THRU END. 

* Time Series Modeler. 
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   TRANSFORM=NONE 

   /AUTOOUTLIER DETECT=OFF. 

Time Series Modeler 
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Model Fit 
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statistics 

Ljung-Box Q(18) Number of 
Outliers 
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Model_1 
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4. EU’s GDP forecasting for 2019-2020 
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Model Description 
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5. Moldova’s GDP forecasting for 2019-2020 
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 [DataSet0]  

Model Description 

 Model Type 

Model 
ID 

VAR00001 Model_1 ARIMA(0,0,0) 

 

Model Summary 
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Model Fit 

Fit 
Statistic 

Mean SE Minimu
m 

Maximu
m 

Percentile 

5 10 25 50 75 90 95 

Stationar
y R-
squared 

,028 . ,028 ,028 ,028 ,028 ,028 ,028 ,028 ,028 ,028 

R-
squared 

,028 . ,028 ,028 ,028 ,028 ,028 ,028 ,028 ,028 ,028 

RMSE 3,724 . 3,724 3,724 3,724 3,724 3,724 3,724 3,724 3,724 3,724 

MAPE 
201,49

3 
. 201,493 201,493 

201,49
3 

201,49
3 

201,49
3 

201,49
3 

201,49
3 

201,49
3 

201,49
3 

MaxAPE 
700,89

3 
. 700,893 700,893 

700,89
3 

700,89
3 

700,89
3 

700,89
3 

700,89
3 

700,89
3 

700,89
3 

MAE 2,226 . 2,226 2,226 2,226 2,226 2,226 2,226 2,226 2,226 2,226 

MaxAE 5,986 . 5,986 5,986 5,986 5,986 5,986 5,986 5,986 5,986 5,986 

Normaliz
ed BIC 

3,185 . 3,185 3,185 3,185 3,185 3,185 3,185 3,185 3,185 3,185 

Model Statistics 

Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 ,028 . 0 . 0 

 

6. Romania’s GDP forecasting for 2019-2020 
 

PREDICT THRU END. 
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* Time Series Modeler. 

TSMODEL 

   /MODELSUMMARY  PRINT=[MODELFIT] 

   /MODELSTATISTICS  DISPLAY=YES MODELFIT=[ SRSQUARE] 

   /SERIESPLOT OBSERVED FORECAST 

   /OUTPUTFILTER DISPLAY=ALLMODELS 

   /AUXILIARY  CILEVEL=95 MAXACFLAGS=24 

   /MISSING USERMISSING=EXCLUDE 

   /MODEL DEPENDENT=VAR00001 INDEPENDENT=YEAR_ 

      PREFIX='Model' 

   /ARIMA AR=[0] DIFF=0 MA=[0] 

      ARSEASONAL=[0]  DIFFSEASONAL=0  MASEASONAL=[0] 

      TRANSFORM=NONE CONSTANT=YES 

   /TRANSFERFUNCTION VARIABLES=YEAR_ NUM=[0] DENOM=[0] 
DIFF=0 DELAY=0 

   TRANSFORM=NONE 

   /AUTOOUTLIER DETECT=OFF. 

Time Series Modeler 

 [DataSet0]  

Model Description 

 Model Type 

Model 
ID 

VAR00001 Model_1 ARIMA(0,0,0) 

Model Summary 

Model Fit 

Fit Statistic Mean SE Minimu
m 

Maximu
m 

Percentile 

5 10 25 50 75 90 95 
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Stationary 
R-squared 

,333 . ,333 ,333 ,333 ,333 ,333 ,333 ,333 ,333 ,333 

R-squared ,333 . ,333 ,333 ,333 ,333 ,333 ,333 ,333 ,333 ,333 

RMSE ,741 . ,741 ,741 ,741 ,741 ,741 ,741 ,741 ,741 ,741 

MAPE 12,817 . 12,817 12,817 
12,81

7 
12,81

7 
12,81

7 
12,81

7 
12,81

7 
12,81

7 
12,81

7 

MaxAPE 25,687 . 25,687 25,687 
25,68

7 
25,68

7 
25,68

7 
25,68

7 
25,68

7 
25,68

7 
25,68

7 

MAE ,484 . ,484 ,484 ,484 ,484 ,484 ,484 ,484 ,484 ,484 

MaxAE 1,336 . 1,336 1,336 1,336 1,336 1,336 1,336 1,336 1,336 1,336 

Normalize
d BIC 

-,044 . -,044 -,044 -,044 -,044 -,044 -,044 -,044 -,044 -,044 

Model Statistics 

Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 ,333 . 0 . 0 

 

7. EU’s unemployment forecasting for 2019-2020 
 

PREDICT THRU END. 

* Time Series Modeler. 

TSMODEL 

   /MODELSUMMARY  PRINT=[MODELFIT] 

   /MODELSTATISTICS  DISPLAY=YES MODELFIT=[ SRSQUARE] 

   /SERIESPLOT OBSERVED FORECAST 

   /OUTPUTFILTER DISPLAY=ALLMODELS 
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   /AUXILIARY  CILEVEL=95 MAXACFLAGS=24 

   /MISSING USERMISSING=EXCLUDE 

   /MODEL DEPENDENT=VAR00001 INDEPENDENT=YEAR_ 

      PREFIX='Model' 

   /ARIMA AR=[0] DIFF=0 MA=[0] 

      ARSEASONAL=[0]  DIFFSEASONAL=0  MASEASONAL=[0] 

      TRANSFORM=NONE CONSTANT=YES 

   /TRANSFERFUNCTION VARIABLES=YEAR_ NUM=[0] DENOM=[0] 
DIFF=0 DELAY=0 

   TRANSFORM=NONE 

   /AUTOOUTLIER DETECT=OFF. 

Time Series Modeler 

 [DataSet0]  

Model Description 

 Model Type 

Model 
ID 

VAR00001 Model_1 ARIMA(0,0,0) 

 

Model Summary 

Model Fit 

Fit Statistic Mean SE Minimu
m 

Maximu
m 

Percentile 

5 10 25 50 75 90 95 

Stationary 
R-squared 

,665 . ,665 ,665 ,665 ,665 ,665 ,665 ,665 ,665 ,665 

R-squared ,665 . ,665 ,665 ,665 ,665 ,665 ,665 ,665 ,665 ,665 

RMSE ,384 . ,384 ,384 ,384 ,384 ,384 ,384 ,384 ,384 ,384 

MAPE 2,659 . 2,659 2,659 2,659 2,659 2,659 2,659 2,659 2,659 2,659 
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MaxAPE 6,383 . 6,383 6,383 6,383 6,383 6,383 6,383 6,383 6,383 6,383 

MAE ,265 . ,265 ,265 ,265 ,265 ,265 ,265 ,265 ,265 ,265 

MaxAE ,600 . ,600 ,600 ,600 ,600 ,600 ,600 ,600 ,600 ,600 

Normalize
d BIC 

-
1,358 

. -1,358 -1,358 
-

1,358 
-1,358 -1,358 -1,358 -1,358 -1,358 

-
1,358 

Model Statistics 

Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 ,665 . 0 . 0 

 

8. Moldova’s unemployment forecasting for 2019-2020 
 

PREDICT THRU END. 

* Time Series Modeler. 

TSMODEL 

   /MODELSUMMARY  PRINT=[MODELFIT] 

   /MODELSTATISTICS  DISPLAY=YES MODELFIT=[ SRSQUARE] 

   /SERIESPLOT OBSERVED FORECAST 

   /OUTPUTFILTER DISPLAY=ALLMODELS 

   /AUXILIARY  CILEVEL=95 MAXACFLAGS=24 

   /MISSING USERMISSING=EXCLUDE 

   /MODEL DEPENDENT=VAR00001 INDEPENDENT=YEAR_ 

      PREFIX='Model' 

   /ARIMA AR=[0] DIFF=0 MA=[0] 

      ARSEASONAL=[0]  DIFFSEASONAL=0  MASEASONAL=[0] 
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      TRANSFORM=NONE CONSTANT=YES 

   /TRANSFERFUNCTION VARIABLES=YEAR_ NUM=[0] DENOM=[0] 
DIFF=0 DELAY=0 

   TRANSFORM=NONE 

   /AUTOOUTLIER DETECT=OFF. 

Time Series Modeler 

 [DataSet0]  

Model Description 

 Model Type 

Model 
ID 

VAR00001 Model_1 ARIMA(0,0,0) 

Model Summary 

Model Fit 

Fit Statistic Mean SE Minimu
m 

Maximu
m 

Percentile 

5 10 25 50 75 90 95 

Stationary 
R-squared 

,064 . ,064 ,064 ,064 ,064 ,064 ,064 ,064 ,064 ,064 

R-squared ,064 . ,064 ,064 ,064 ,064 ,064 ,064 ,064 ,064 ,064 

RMSE ,678 . ,678 ,678 ,678 ,678 ,678 ,678 ,678 ,678 ,678 

MAPE 7,850 . 7,850 7,850 7,850 7,850 7,850 7,850 7,850 7,850 7,850 

MaxAPE 
27,94

6 
. 27,946 27,946 

27,94
6 

27,94
6 

27,94
6 

27,94
6 

27,94
6 

27,94
6 

27,94
6 

MAE ,380 . ,380 ,380 ,380 ,380 ,380 ,380 ,380 ,380 ,380 

MaxAE 1,118 . 1,118 1,118 1,118 1,118 1,118 1,118 1,118 1,118 1,118 

Normalize
d BIC 

-,221 . -,221 -,221 -,221 -,221 -,221 -,221 -,221 -,221 -,221 

Model Statistics 
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Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 ,064 . 0 . 0 

 

9. Romania’s unemployment forecasting for 2019-2020 
 

PREDICT THRU END. 

* Time Series Modeler. 

TSMODEL 

   /MODELSUMMARY  PRINT=[MODELFIT] 

   /MODELSTATISTICS  DISPLAY=YES MODELFIT=[ SRSQUARE] 

   /SERIESPLOT OBSERVED FORECAST 

   /OUTPUTFILTER DISPLAY=ALLMODELS 

   /AUXILIARY  CILEVEL=95 MAXACFLAGS=24 

   /MISSING USERMISSING=EXCLUDE 

   /MODEL DEPENDENT=VAR00001 INDEPENDENT=YEAR_ 

      PREFIX='Model' 

   /ARIMA AR=[0] DIFF=0 MA=[0] 

      ARSEASONAL=[0]  DIFFSEASONAL=0  MASEASONAL=[0] 

      TRANSFORM=NONE CONSTANT=YES 

   /TRANSFERFUNCTION VARIABLES=YEAR_ NUM=[0] DENOM=[0] 
DIFF=0 DELAY=0 

   TRANSFORM=NONE 

   /AUTOOUTLIER DETECT=OFF. 

Time Series Modeler 
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 [DataSet0]  

Model Description 

 Model Type 

Model 
ID 

VAR00001 Model_1 ARIMA(0,0,0) 

 

Model Summary 

Model Fit 

Fit Statistic Mean SE Minimu
m 

Maximu
m 

Percentile 

5 10 25 50 75 90 95 

Stationary 
R-squared 

,921 . ,921 ,921 ,921 ,921 ,921 ,921 ,921 ,921 ,921 

R-squared ,921 . ,921 ,921 ,921 ,921 ,921 ,921 ,921 ,921 ,921 

RMSE ,094 . ,094 ,094 ,094 ,094 ,094 ,094 ,094 ,094 ,094 

MAPE ,984 . ,984 ,984 ,984 ,984 ,984 ,984 ,984 ,984 ,984 

MaxAPE 1,811 . 1,811 1,811 1,811 1,811 1,811 1,811 1,811 1,811 1,811 

MAE ,067 . ,067 ,067 ,067 ,067 ,067 ,067 ,067 ,067 ,067 

MaxAE ,129 . ,129 ,129 ,129 ,129 ,129 ,129 ,129 ,129 ,129 

Normalize
d BIC 

-
4,171 

. -4,171 -4,171 
-

4,171 
-4,171 -4,171 -4,171 

-
4,171 

-4,171 
-

4,171 

Model Statistics 

Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 ,921 . 0 . 0 
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10. EU’s inflation forecasting for 2019-2020 

 

PREDICT THRU END. 

* Time Series Modeler. 

TSMODEL 

   /MODELSUMMARY  PRINT=[MODELFIT] 

   /MODELSTATISTICS  DISPLAY=YES MODELFIT=[ SRSQUARE] 

   /SERIESPLOT OBSERVED FORECAST 

   /OUTPUTFILTER DISPLAY=ALLMODELS 

   /AUXILIARY  CILEVEL=95 MAXACFLAGS=24 

   /MISSING USERMISSING=EXCLUDE 

   /MODEL DEPENDENT=VAR00001 INDEPENDENT=YEAR_ 

      PREFIX='Model' 

   /ARIMA AR=[0] DIFF=0 MA=[0] 

      ARSEASONAL=[0]  DIFFSEASONAL=0  MASEASONAL=[0] 

      TRANSFORM=NONE CONSTANT=YES 

   /TRANSFERFUNCTION VARIABLES=YEAR_ NUM=[0] DENOM=[0] 
DIFF=0 DELAY=0 

   TRANSFORM=NONE 

   /AUTOOUTLIER DETECT=OFF. 

Time Series Modeler 

 [DataSet0]  

Model Description 

 Model Type 

Model 
ID 

VAR00001 Model_1 ARIMA(0,0,0) 

Model Summary 
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Model Fit 

Fit Statistic Mean SE Minimu
m 

Maximu
m 

Percentile 

5 10 25 50 75 90 95 

Stationary 
R-squared 

1,620E
-006 

. 
1,620E-

006 
1,620E-

006 
1,620E-

006 
1,620E-

006 
1,620E-

006 
1,620E-

006 
1,620E-

006 
1,620E-

006 
1,620E

-006 

R-squared 
1,620E

-006 
. 

1,620E-
006 

1,620E-
006 

1,620E-
006 

1,620E-
006 

1,620E-
006 

1,620E-
006 

1,620E-
006 

1,620E-
006 

1,620E
-006 

RMSE ,979 . ,979 ,979 ,979 ,979 ,979 ,979 ,979 ,979 ,979 

MAPE 
201,38

8 
. 201,388 201,388 

201,38
8 

201,38
8 

201,38
8 

201,38
8 

201,38
8 

201,38
8 

201,38
8 

MaxAPE 
661,34

9 
. 661,349 661,349 

661,34
9 

661,34
9 

661,34
9 

661,34
9 

661,34
9 

661,34
9 

661,34
9 

MAE ,753 . ,753 ,753 ,753 ,753 ,753 ,753 ,753 ,753 ,753 

MaxAE 1,246 . 1,246 1,246 1,246 1,246 1,246 1,246 1,246 1,246 1,246 

Normalize
d BIC 

,514 . ,514 ,514 ,514 ,514 ,514 ,514 ,514 ,514 ,514 

Model Statistics 

Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 1,620E-006 . 0 . 0 

 
11. Moldova’s inflation forecasting for 2019-2020 

 

PREDICT THRU END. 

* Time Series Modeler. 

TSMODEL 
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   /MODELSUMMARY  PRINT=[MODELFIT] 

   /MODELSTATISTICS  DISPLAY=YES MODELFIT=[ SRSQUARE] 

   /SERIESPLOT OBSERVED FORECAST 

   /OUTPUTFILTER DISPLAY=ALLMODELS 

   /AUXILIARY  CILEVEL=95 MAXACFLAGS=24 

   /MISSING USERMISSING=EXCLUDE 

   /MODEL DEPENDENT=VAR00001 INDEPENDENT=YEAR_ 

      PREFIX='Model' 

   /ARIMA AR=[0] DIFF=0 MA=[0] 

      ARSEASONAL=[0]  DIFFSEASONAL=0  MASEASONAL=[0] 

      TRANSFORM=NONE CONSTANT=YES 

   /TRANSFERFUNCTION VARIABLES=YEAR_ NUM=[0] DENOM=[0] 
DIFF=0 DELAY=0 

   TRANSFORM=NONE 

   /AUTOOUTLIER DETECT=OFF. 

Time Series Modeler 

 [DataSet0]  

Model Description 

 Model Type 

Model 
ID 

VAR00001 Model_1 ARIMA(0,0,0) 

 

Model Summary 

Model Fit 

Fit Statistic Mean SE Minimu
m 

Maximu
m 

Percentile 

5 10 25 50 75 90 95 
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Stationary 
R-squared 

,101 . ,101 ,101 ,101 ,101 ,101 ,101 ,101 ,101 ,101 

R-squared ,101 . ,101 ,101 ,101 ,101 ,101 ,101 ,101 ,101 ,101 

RMSE 2,333 . 2,333 2,333 2,333 2,333 2,333 2,333 2,333 2,333 2,333 

MAPE 
33,94

9 
. 33,949 33,949 

33,94
9 

33,94
9 

33,94
9 

33,94
9 

33,94
9 

33,94
9 

33,949 

MaxAPE 
68,36

2 
. 68,362 68,362 

68,36
2 

68,36
2 

68,36
2 

68,36
2 

68,36
2 

68,36
2 

68,362 

MAE 1,356 . 1,356 1,356 1,356 1,356 1,356 1,356 1,356 1,356 1,356 

MaxAE 4,746 . 4,746 4,746 4,746 4,746 4,746 4,746 4,746 4,746 4,746 

Normalize
d BIC 

2,250 . 2,250 2,250 2,250 2,250 2,250 2,250 2,250 2,250 2,250 

Model Statistics 

Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 ,101 . 0 . 0 

 

12. Romania’s inflation forecasting for 2019-2020 

 

PREDICT THRU END. 

* Time Series Modeler. 

TSMODEL 

   /MODELSUMMARY  PRINT=[MODELFIT] 

   /MODELSTATISTICS  DISPLAY=YES MODELFIT=[ SRSQUARE] 

   /SERIESPLOT OBSERVED FORECAST 

   /OUTPUTFILTER DISPLAY=ALLMODELS 
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   /AUXILIARY  CILEVEL=95 MAXACFLAGS=24 

   /MISSING USERMISSING=EXCLUDE 

   /MODEL DEPENDENT=VAR00001 INDEPENDENT=YEAR_ 

      PREFIX='Model' 

   /ARIMA AR=[0] DIFF=0 MA=[0] 

      ARSEASONAL=[0]  DIFFSEASONAL=0  MASEASONAL=[0] 

      TRANSFORM=NONE CONSTANT=YES 

   /TRANSFERFUNCTION VARIABLES=YEAR_ NUM=[0] DENOM=[0] 
DIFF=0 DELAY=0 

   TRANSFORM=NONE 

   /AUTOOUTLIER DETECT=OFF. 

Time Series Modeler 

 [DataSet0]  

Model Description 

 Model Type 

Model 
ID 

VAR00001 Model_1 ARIMA(0,0,0) 

 

Model Summary 

Model Fit 

Fit Statistic Mean SE Minimu
m 

Maximu
m 

Percentile 

5 10 25 50 75 90 95 

Stationary 
R-squared 

,100 . ,100 ,100 ,100 ,100 ,100 ,100 ,100 ,100 ,100 

R-squared ,100 . ,100 ,100 ,100 ,100 ,100 ,100 ,100 ,100 ,100 

RMSE 1,853 . 1,853 1,853 1,853 1,853 1,853 1,853 1,853 1,853 1,853 

MAPE 96,477 . 96,477 96,477 96,477 96,477 96,477 96,477 96,477 96,477 96,477 
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MaxAPE 
145,91

8 
. 145,918 145,918 

145,91
8 

145,91
8 

145,91
8 

145,91
8 

145,91
8 

145,91
8 

145,91
8 

MAE 1,408 . 1,408 1,408 1,408 1,408 1,408 1,408 1,408 1,408 1,408 

MaxAE 2,382 . 2,382 2,382 2,382 2,382 2,382 2,382 2,382 2,382 2,382 

Normalize
d BIC 

1,790 . 1,790 1,790 1,790 1,790 1,790 1,790 1,790 1,790 1,790 

Model Statistics 

Model Number of 
Predictors 

Model Fit 
statistics 

Ljung-Box Q(18) Number of 
Outliers 

Stationary R-
squared 

Statistics DF Sig. 

VAR00001-
Model_1 

1 ,100 . 0 . 0 

 

13. GDP disparities in 2017 
 

* Curve Estimation. 

TSET NEWVAR=NONE. 

CURVEFIT 

  /VARIABLES=VAR00001 

  /CONSTANT 

  /MODEL=LINEAR 

  /PRINT ANOVA 

  /PLOT FIT. 

Curve Fit 

[DataSet0]  

Model Description 

Model Name MOD_1 
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Dependent Variable 1 VAR00001 

Equation 1 Linear 

Independent Variable Case sequence 

Constant Included 

Variable Whose Values Label Observations in 
Plots 

Unspecified 

Case Processing Summary 

 N 

Total Cases 3 

Excluded Casesa 0 

Forecasted Cases 0 

Newly Created 
Cases 

0 

a. Cases with a missing value 
in any variable are excluded 
from the analysis. 

Variable Processing Summary 

 Variables 

Dependen
t 

VAR00001 

Number of Positive Values 3 

Number of Zeros 0 

Number of Negative Values 0 

Number of Missing 
Values 

User-Missing 0 

System-
Missing 

0 

VAR00001 
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Linear 

Model Summary 

R R Square Adjusted R 
Square 

Std. Error of 
the Estimate 

,985 ,970 ,940 ,286 

ANOVA 

 Sum of 
Squares 

df Mean 
Square 

F Sig. 

Regression 2,645 1 2,645 32,388 ,111 

Residual ,082 1 ,082   

Total 2,727 2    

Coefficients 

 Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

B Std. Error Beta 

Case Sequence 1,150 ,202 ,985 5,691 ,111 

(Constant) ,333 ,437  ,764 ,585 

 

14. GDP disparities in 2020 
 

* Curve Estimation. 

TSET NEWVAR=NONE. 

CURVEFIT 

  /VARIABLES=VAR00001 

  /CONSTANT 

  /MODEL=LINEAR 

  /PRINT ANOVA 
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  /PLOT FIT. 

Curve Fit 

[DataSet0]  

Model Description 

Model Name MOD_2 

Dependent Variable 1 VAR00001 

Equation 1 Linear 

Independent Variable Case sequence 

Constant Included 

Variable Whose Values Label Observations in 
Plots 

Unspecified 

Case Processing Summary 

 N 

Total Cases 3 

Excluded Casesa 0 

Forecasted Cases 0 

Newly Created 
Cases 

0 

a. Cases with a missing value 
in any variable are excluded 
from the analysis. 

Variable Processing Summary 

 Variables 

Dependen
t 

VAR00001 

Number of Positive Values 3 
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Number of Zeros 0 

Number of Negative Values 0 

Number of Missing 
Values 

User-Missing 0 

System-
Missing 

0 

VAR00001 

Linear 

Model Summary 

R R Square Adjusted R 
Square 

Std. Error of 
the Estimate 

,516 ,266 -,467 1,878 

ANOVA 

 Sum of 
Squares 

df Mean 
Square 

F Sig. 

Regression 1,280 1 1,280 ,363 ,655 

Residual 3,527 1 3,527   

Total 4,807 2    

Coefficients 

 Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

B Std. Error Beta 

Case Sequence ,800 1,328 ,516 ,602 ,655 

(Constant) 1,533 2,869  ,535 ,687 

15. Unemployment disparities in 2017 

* Curve Estimation. 

TSET NEWVAR=NONE. 

CURVEFIT 
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  /VARIABLES=VAR00001 

  /CONSTANT 

  /MODEL=LINEAR 

  /PRINT ANOVA 

  /PLOT FIT. 

Curve Fit 

[DataSet0]  

Model Description 

Model Name MOD_1 

Dependent Variable 1 VAR00001 

Equation 1 Linear 

Independent Variable Case sequence 

Constant Included 

Variable Whose Values Label Observations in 
Plots 

Unspecified 

Case Processing Summary 

 N 

Total Cases 3 

Excluded Casesa 0 

Forecasted Cases 0 

Newly Created 
Cases 

0 

a. Cases with a missing value 
in any variable are excluded 
from the analysis. 

Variable Processing Summary 

 Variables 
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Dependen
t 

VAR00001 

Number of Positive Values 3 

Number of Zeros 0 

Number of Negative Values 0 

Number of Missing 
Values 

User-Missing 0 

System-
Missing 

0 

VAR00001 

Linear 

Model Summary 

R R Square Adjusted R 
Square 

Std. Error of 
the Estimate 

,558 ,311 -,378 2,000 

ANOVA 

 Sum of 
Squares 

df Mean 
Square 

F Sig. 

Regression 1,805 1 1,805 ,451 ,623 

Residual 4,002 1 4,002   

Total 5,807 2    

Coefficients 

 Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

B Std. Error Beta 

Case Sequence -,950 1,415 -,558 -,672 ,623 

(Constant) 8,433 3,056  2,760 ,221 
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16. Unemployment disparities in 2020 

 

* Curve Estimation. 

TSET NEWVAR=NONE. 

CURVEFIT 

  /VARIABLES=VAR00001 

  /CONSTANT 

  /MODEL=LINEAR 

  /PRINT ANOVA 

  /PLOT FIT. 

Curve Fit 

[DataSet0]  

Model Description 

Model Name MOD_3 

Dependent Variable 1 VAR00001 

Equation 1 Linear 

Independent Variable Case sequence 

Constant Included 

Variable Whose Values Label Observations in 
Plots 

Unspecified 

Case Processing Summary 

 N 

Total Cases 3 

Excluded Casesa 0 

Forecasted Cases 0 
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Newly Created 
Cases 

0 

a. Cases with a missing value 
in any variable are excluded 
from the analysis. 

Variable Processing Summary 

 Variables 

Dependen
t 

VAR00001 

Number of Positive Values 3 

Number of Zeros 0 

Number of Negative Values 0 

Number of Missing 
Values 

User-Missing 0 

System-
Missing 

0 

VAR00001 

Linear 

Model Summary 

R R Square Adjusted R 
Square 

Std. Error of 
the Estimate 

,668 ,446 -,107 2,205 

ANOVA 

 Sum of 
Squares 

df Mean 
Square 

F Sig. 

Regression 3,920 1 3,920 ,807 ,534 

Residual 4,860 1 4,860   

Total 8,780 2    
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Coefficients 

 Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

B Std. Error Beta 

Case Sequence -1,400 1,559 -,668 -,898 ,534 

(Constant) 9,300 3,367  2,762 ,221 

 
17. Inflation disparities in 2017 

 

* Curve Estimation. 

TSET NEWVAR=NONE. 

CURVEFIT 

  /VARIABLES=VAR00001 

  /CONSTANT 

  /MODEL=LINEAR 

  /PRINT ANOVA 

  /PLOT FIT. 

Curve Fit 

[DataSet0]  

Model Description 

Model Name MOD_4 

Dependent Variable 1 VAR00001 

Equation 1 Linear 

Independent Variable Case sequence 

Constant Included 

Variable Whose Values Label Observations in 
Plots 

Unspecified 
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Case Processing Summary 

 N 

Total Cases 3 

Excluded Casesa 0 

Forecasted Cases 0 

Newly Created 
Cases 

0 

a. Cases with a missing value 
in any variable are excluded 
from the analysis. 

Variable Processing Summary 

 Variables 

Dependen
t 

VAR00001 

Number of Positive Values 3 

Number of Zeros 0 

Number of Negative Values 0 

Number of Missing 
Values 

User-Missing 0 

System-
Missing 

0 

VAR00001 

Linear 

Model Summary 

R R Square Adjusted R 
Square 

Std. Error of 
the Estimate 

,240 ,058 -,885 ,572 

ANOVA 
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 Sum of 
Squares 

df Mean 
Square 

F Sig. 

Regression ,020 1 ,020 ,061 ,846 

Residual ,327 1 ,327   

Total ,347 2    

Coefficients 

 Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

B Std. Error Beta 

Case Sequence ,100 ,404 ,240 ,247 ,846 

(Constant) 1,733 ,873  1,985 ,297 

 
18. Inflation disparities in 2020 

 

* Curve Estimation. 

TSET NEWVAR=NONE. 

CURVEFIT 

  /VARIABLES=VAR00001 

  /CONSTANT 

  /MODEL=LINEAR 

  /PRINT ANOVA 

  /PLOT FIT. 

Curve Fit 

[DataSet0]  

Model Description 

Model Name MOD_5 

Dependent Variable 1 VAR00001 
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Equation 1 Linear 

Independent Variable Case sequence 

Constant Included 

Variable Whose Values Label Observations in 
Plots 

Unspecified 

Case Processing Summary 

 N 

Total Cases 3 

Excluded Casesa 0 

Forecasted Cases 0 

Newly Created 
Cases 

0 

a. Cases with a missing value 
in any variable are excluded 
from the analysis. 

Variable Processing Summary 

 Variables 

Dependen
t 

VAR00001 

Number of Positive Values 2 

Number of Zeros 0 

Number of Negative Values 1 

Number of Missing 
Values 

User-Missing 0 

System-
Missing 

0 

VAR00001 

Linear 
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Model Summary 

R R Square Adjusted R 
Square 

Std. Error of 
the Estimate 

,689 ,474 -,051 1,266 

ANOVA 

 Sum of 
Squares 

df Mean 
Square 

F Sig. 

Regression 1,445 1 1,445 ,902 ,516 

Residual 1,602 1 1,602   

Total 3,047 2    

Coefficients 

 Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

B Std. Error Beta 

Case Sequence -,850 ,895 -,689 -,950 ,516 

(Constant) 2,367 1,933  1,224 ,436 

 

 

  


